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J Ginsberg et al. Nature 000, 1-3 (2008) doi:10.1038/nature07634

ILI percentages estimated by our model (black) and provided 
by the CDC (red) in the mid-Atlantic region, showing data 
available at four points in the 2007-2008 influenza season.
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1. Online measurement of accuracy

2. Mind the gap

3. Online data quality alerts
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The ability to quickly produce AI tools 
is outpacing the thoroughness with 
which they are being evaluated or 
validated on independent data in 
new settings.
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Some radiologists may be tempted to assume that such 
data collection and evaluation of metrics are not 
needed, presuming that the AI will work well for their 
patients if the algorithm has been FDA cleared. This is 
not necessarily a good assumption because the data 
sets used for FDA clearance may not be sufficiently 
representative of every radiology practice.
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Steps for radiologists in evaluating AI algorithms

1. Understand AI outputs and clinical relevancy
2. Collect test cases
3. Establish ground truth
4. Choose appropriate evaluation metrics, like 
sensitivity, specificity, PPV, etc. 
5. Define performance threshold
6. Evaluate test cases
7. Have a monitoring strategy
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